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Today’s Al Applications: Vision/NLP
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What about loT
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Al Accelorator + Edge/Fog Computing
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https://medium.com/syncedreview/tracking-the-transforming-ai-
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Data Labeling

s Ehe New FJork Times l Q_search Bloomberg
THE NEW NEW WORLD TeChnOIogy
How Cheap Labor Drives Amazon Workers Are Listening to What

Chi’sA.l. Ambitions o - You Tell Alexa

A global team reviews audio clips in an effort to help the voice-activated
assistant respond to commands.

By Matt Day, Giles Turner, and Natalia Drozdiak
April 10, 2019, 6:34 PM GMT-4
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Data Labeling?

Internet of Things



Physical Uncertainty
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Sedind Llaima Volcano deployment, Chile, 2015
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Incorporating Domain Knowledge in ML
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Smart Lampposts
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* 140K lampposts X 10 fps X 7 X 24 X 3600



Multi-Sensor Fusion

Texas Instruments



